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Abstract

This study focused on smart branding in the era of artificial intelligence, with the following sub-themes:
consumer perception, predictive analytics, and digital competitiveness. The research design used was
guantitative, descriptive, and correlational. A 5-point Likert-scale questionnaire was used to collect data
from a sample of 150 consumers. The sampling technique for the respondents was convenience sampling,
as they used social media platforms, e-commerce websites, brand applications, and Al-supported customer
service systems. Data analysis was carried out using descriptive statistics, correlation analysis and
regression analysis. The results showed that the mean score for consumers' perception of smart branding
with Al is 3.98, with a standard deviation of 0.82, indicating a high level of perception. The mean score for
predictive analytics was also high (3.93), with a standard deviation of 0.84, indicating that consumers were
aware of personalised recommendations and predictive offers. The mean score for Digital competitiveness
was 4.11, with a standard deviation of 0.78, suggesting that Al-branded products are seen as innovative,
responsive, and competitive. The highest mean score (4.22) and standard deviation (0.73) were found for
trust and privacy concerns. The results of the correlation analysis showed a positive correlation among
consumer perception, predictive analytics, and digital competitiveness, with the strongest correlation
between predictive analytics and digital competitiveness (r = 0.66). Regression analysis identified
predictive analytics (B = 0.41, p = 0.000), consumer perception (f = 0.29, p = 0.001), and trust/privacy
concerns (= 0.22, p=0.0006) as the top three predictors of digital competitiveness.

Keywords: Artificial Intelligence, Consumer Perception, Digital Competitiveness, Predictive Analytics,
Smart Branding, Trust.

INTRODUCTION

As Al has transformed the brand, businesses can now gain a deep understanding of their clients

through data, automation, and intelligent decision-making systems. Smart branding was described

as the ability to use Al to improve customer-brand connections by employing tools like predictive

models, chatbots, recommendation systems, automated systems, and real-time analytics. In the

early days of digital marketing, brands performed segmentation and manual decision-making. Still,
223


mailto:syedaroshanay825@gmail.com
mailto:ramsha.mazhar@usindh.edu.pk

Smart Branding in the Age of Artificial Intelligence: Consumer Perception, Predictive Analytics, and Digital
Competitiveness

with Al, they can use customer data to tailor messages to customer expectations, predict customer
actions, and improve the customer experience. Davenport et al. (2020) outlined the influence of
Al on marketing strategy, customer behaviour, business models, customer interactions in sales
processes, and customer experiences in the services context. Huang and Rust (2021) explain A.l.
as a strategic marketing tool that can be used in research, segmentation, targeting, positioning, and
customer communication. This has made smart branding an important theme that connects the
above four elements — technology, consumer psychology, brand trust, and competitive advantage.
Consumer perception played a role in Al-driven branding, where its effectiveness depended on
consumers' perceptions of engaging with Al. Consumers appreciated personalised
recommendations, speedy service, and the convenience of a digital experience, but also noted
issues with privacy, the use of their data, algorithmic control, and the lack of human interaction.
Puntoni et al. (2021) further explained that Al's impact on the consumer occurred in capturing data,
categorising it, delegating it, and engaging in social interactions, signifying that Al not only
affected the functional quality of services and human work, but it also had an influence on the
experiences in the emotional and psychological realm. Along with that, Castelo et al. were able to
prove that consumers more readily accepted algorithms for objective tasks rather than subjective
ones, meaning that the contact between the consumer and the algorithm and their acceptance of Al
turned out to be more related to the type of decision, perceived fairness, and perceived human
relevance.

Another important aspect of predictive analytics for smart branding was that it enabled brands to
move from reactive to proactive decision-making. Businesses used machine learning and big data
analysis to forecast customer purchase intent, product preferences, customer churn, lifecycle value,
and campaign effectiveness. Campbell et al. (2020) indicated that Al-assisted marketers are
involved throughout the marketing planning process by turning raw data into real-world actions,
and Kumar et al. (2019) noted that Al-enhanced personalised engagement marketing enables
businesses to create, communicate, and deliver more relevant offers.

Al-led branding began to evolve as a means to drive firms to become more competitive, due to the
growing emphasis on and rewards for those who were quickest, most personalised, and most
effective at leveraging data in the market. Competitive brands won't just go by advertising volume,
quality, or price — they will go by personalisation, automated options, consumer insight, digital
intelligence, and trust. The adoption of Al, the protection of data, ethics, support of the institutions,
and marketing competencies were identified as important directions for conducting Al in
marketing research (Vla¢i¢ et al., 2021); Al-based transformation projects significantly
contributed to the performance of firms and their competitive advantage (Wamba-Taguimdije et
al., 2020).

Background of the Study

Brands previously discussed identity, emotional engagement, consumer loyalty, appropriate
positioning in the marketplace, and so forth. But digital transformation changed the nature of
branding, as consumers came to engage with brands through websites, mobile apps, social media,
online reviews, ecommerce websites, and automated service channels. Brand definition began to
be influenced by the company's messages and data generated by consumer interactions. Al
marketing moved beyond just media strategies and campaigns, entering into market strategy,
consumer service, decision-making, value creation, and even ethical marketing, lending evidence
to the idea that branding is more than a one-way street; it's a strategic approach to building dynamic
and interactive consumer relationships (Labib, 2024).

Al also altered the brands' approach to gathering and analysing customer data. Al-powered systems
leveraged search trends, browsing patterns, social media interactions and user history rather than
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just survey responses, sales metrics and demographics to transact business. Al-powered systems
transformed their business workflows not just based on customer surveys, sales indicators, or
demographics, but also on data from search queries, browsing habits, social media, purchase
behaviour, and customer service activity. Mustak et al. (2021) have identified some predictive Al
marketing themes, including consumer sentiment, satisfaction, loyalty, consumer trust, brand
management, and strategic marketing. Mechanical, thinking, and feeling Al types, as described by
Huang and Rust (2021), are marketing intelligence types that aid automation, data-informed
decision-making, and emotional understanding.

Consumer perception remained relevant, as consumers needed to accept and trust Al branding to
generate value. Some personalisation made it more relevant and convenient, but excessive
personalisation was uncomfortable when consumers felt their personal details were being
monitored or manipulated. According to Puntoni et al. (2021), Al led to consumer goods and
consumer problems, while Castelo et al. (2019) found that consumers disliked algorithms more
when the decisions they made were emotional and subjective. Kumar et al. (2019) found that
personalised service with Al boosted both consumer engagement and branding value, whereas
intrusive personalisation decreased branding value.

In the world of digital market competition, Al-assisted brands are faster, more personalised,
predictive, and insightful. Brands were able to create segments, anticipate trends, target their
messages on an individual basis, and make better marketing choices, thanks to predictive analytics.
Campbell et al. (2020) declared Al as a source of data for marketing action, while Wamba-
Taguimdje et al. (2020) correlated Al transformation with firm performance. Another point of
concern regarding Al branding was privacy, bias, transparency, and ethical decision-making
(Davenport et al., 2020; Vlaci¢ et al., 2021). Hence, technological ability, ethical responsibility,
and a design approach to the consumer-as-customer were necessary for smart branding.

Research Problem

Al was increasingly used in marketing and branding, and not all brands understood consumer
sentiment towards "Al-ish" branding. The benefits of convenience and efficiency were enhanced
by personalised recommendations, chatbots, automated advertising, predictive offers, and Al-
generated content, but so were concerns about privacy, manipulation, mistrust, and emotional
distancing. Previous research has focused on Al and marketing strategy, consumer experience,
personalisation, and the acceptance of algorithms. Still, there is a need for new research on smart
branding, focusing on consumer perception and on digitalisation driven by predictive analytics and
competition.

Objectives of the Study
1. To examine consumer perceptions of Al-enabled smart branding practices.
2. To analyse the role of predictive analytics in improving personalised branding and
consumer engagement.
3. To determine how Al-supported branding contributed to digital competitiveness.
4. To investigate consumer concerns related to privacy, trust, transparency, and algorithmic
decision-making.
Research Questions

1. What were consumers' perceptions of Al-powered smart branding?
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2. What was the impact of predictive analytics on personalised branding and customer

engagement?

What is the impact of Al-powered branding on digital competitiveness?

4. What were the privacy, trust, transparency, and ethics issues that influenced consumer
reactions to Al-powered branding?

w

Significance of the Study

The study was groundbreaking for brand managers, revealing the impact of Al on branding that
extends beyond automation. It demonstrated how smart branding requires linking data-driven
prediction, consumer trust, and competitive positioning. This study contributes to raising
managers' awareness that Al could bring benefits in targeting, personalisation, and service
efficiency, but only if consumers see such tools as useful, fair, and transparent. The results
consequently facilitated informed decision-making for the deployment of chatbots,
recommendation systems, customised ads, Al-driven campaign forecasting, and customer
relationship management.

LITERATURE REVIEW
Al-Enabled Smart Branding and Consumer Perception

Acrtificial intelligence proved significant in the world of smart branding by shaping how brands
began to understand their consumers, how they designed their communication, and how they
approached delivering a Digital Experience. Al-branding differed from the conventional, mass-
communication-centric, general-segmentation-based branding. Al marketing soon evolved into
CRM and advertising systems, recommendation engines, and even marketing decision-making, as
noted by Chintalapati and Pandey (2022); on the other hand, Verma et al. (2021) described Al as
a pivotal marketing intelligence and strategic customer engagement tool.

Al branding continued to focus on consumers, as they assessed brands through both products and
digital interactions. There was a positive impact from Al-based recommendations, Virtual
Assistant, and automated services on usefulness, convenience, reliability, and emotional
connection. Ameen et al. (2021) revealed that Al had transformed customers' experiences with
digital touchpoints, and Pelau et al. (2021) demonstrated that interaction quality, empathy, and
human-like characteristics influenced consumer acceptance of Al services.

Chatbots, or conversational agents, also gained significance as brand representatives in customer
service. Chatbot interaction assisted consumers in developing their opinions on brand reactivity,
friendliness, competence, and brand trustworthiness. Sheehan et al. (2020) and, more recently,
Adam et al. (2021) showed that anthropomorphic qualities of chatbots led to greater acceptance
and a more positive view of the brand, as well as to perceptions that Al chatbots could enhance
brand compliance during satisfying, memorable, and believable interactions.

Using Predictive Analytics, Personalisation, and Consumer Engagement.

Working with the customer in this way means that, for a brand, predictive analytics is essential, as
it enables the prediction of consumer behaviour and better targeting of messages and individual
offers. Meanwhile, brands gained insights into their customers' habits based on purchases,
browsing, and digital interactions, and used this to forecast what customers need and how to market
it to them. Tong et al. (2020) reported that personalised mobile marketing strategies, based on
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consumer context, enhance message relevance, and that combining big data and predictive
analytics with retail decision-making, recommendations, pricing, and promotion positively affects
business performance.

Personalisation also enhanced customer engagement, as customers were more receptive to the
brand message when they felt it was relevant to their needs, preferences, and online habits. Using
Al for personalisation, brands assisted customers by offering tailored product recommendations,
chatbot responses, social commerce transactions, and written content recommendations. The
language style of chatbots was found to impact brand attitude and continued use (Li and Wang,
2023). This was demonstrated in the chatbot—purchase intention interaction and perceived
usefulness study by Sindhu and Bharti (2024). Another privacy concern was the reliance on a
massive volume of customer information to create Al brands. Consumers became wary of brands
that were gathering, analysing, and using personal information without a clear explanation. Song
et al. (2022) found that privacy risk affected the adoption of Al customer service, and Bleier et al.
(2020) explained how excessive data use reduces consumer trust.

Digital Competitiveness, Trust, and Ethical Al

Competitiveness in digital was based on a brand's ability to leverage Al, analytics, and digital
technologies to make quicker decisions, gain deeper customer insights, and respond more
effectively in the market. Companies with strong knowledge of Al products and services enhance
information analysis, innovation, and performance. Al capability was found to drive organisational
creativity and firm performance (Mikalef & Gupta, 2021), and big data analytics was found to
enhance innovation via dynamic capabilities (Mikalef et al., 2019).

Digital transformation also altered marketing frameworks, talent, and customer behaviour. A new
digital approach, with a customer focus, collaboration, data literacy, and marketing processes, was
essential for smart branding. An analysis of the literature conducted by Pascucci et al. (2023)
showed that digital technologies changed customer engagement processes, customer analytics,
skills, and marketing strategies, while, according to Verma et al. (2021), Al marketing was used
for strategic decision-making, customer intelligence, and digital transformation.

Smart branding was still all about trust and ethics, with consumers evaluating its usefulness and
fairness using Al. The more transparent it is, the more users will be willing to accept automated
services, recommendations, and predictive tools, and the less they will feel that these tools
diminish their trust, especially if the Al is intrusive or biased. Leveraging Al was introduced by
Chintalapati and Pandey (2022), and customer experience in marketing with Al by Ameen et al.
(2021), focusing on value, trust, and interaction quality.

RESEARCH METHODOLOGY
Research Design

This study adopted a quantitative research design grounded in the concepts of smart branding, the
age of Al, consumer perceptions, digital predictive analytics, and digital competitiveness. The
design of this study was quantitative, aiming to measure consumers' opinions, attitudes, and
perceptions. The design enabled the researcher to capture structured responses while also allowing
comparisons of the role of Al support in brand exercise, consumer perception of the role, and
digital competitiveness.
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Population of the Study

The study involved consumers who used digital platforms, online shopping platforms, social media
apps, brand websites, and artificial intelligence customer service. Such consumers were of interest
to this study because the smart branding practice influenced their day-to-day digital lives. The
selected group had been shown tailored product suggestions, tailored advertising, chatbot services,
automated responses, and web marketing for their company.

Sample and Sample Size

150 respondents were selected for the study. Some of these have been selected from the target
group of digital consumers who visit social media platforms, eCommerce websites, the brand's
application, and its online customer care systems. Thus, 150 respondents were considered a good
sample size for statistical analysis and understanding of consumers' perceptions of smart branding
and artificial intelligence. The respondents comprised both male and female consumers from
different educational, professional, and age groups. Diverse consumers provided us with a broader
perspective on their views of Al branding.

Sampling Technique

Non-probability sampling was utilised, for example, convenience sampling. This was an
appropriate sampling strategy because it collected samples from available, willing, and
experienced users of the digital branding platforms. Using Al, data were collected via convenience
sampling at a specific point in time from consumers who were engaging with the online site and/or
in-platform and brand interfaces and services.

Research Instrument

The primary research instrument used in this project was a structured questionnaire. The
questionnaire was intended to gather data on the aforementioned actors' impressions, predictions,
digital competitiveness, trust and privacy concerns, and consumer interactions. The questionnaire
was closed-ended to obtain views that could be quantified and statistically analysed.

Data Collection Procedure

The online survey method was used to collect the data. The questionnaire was shared on social
networking services, e-communication groups and handles. Before answering the question, the
respondents were informed of the study's purpose. This was a voluntary survey, and respondents
were required to answer questions by reflecting on their experiences with Al for branding.

Data Analysis

The obtained data have been subjected to statistical analysis. To summarise respondents' general
responses and the descriptive characteristics of each group, descriptive statistics were used. A
percentage, level of agreement or disagreement, and mean and standard deviation were reported
for each statement. These statistical tools helped analyse and effectively communicate consumers'
perceptions of Al applications in branding activities.
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RESULTS AND ANALYSIS

Demographic Profile of Respondents

Exploring the demographic profile of the respondents, 54.7% were female, and 45.3% were
male—hence, a very balanced distribution of the differing sex ratios regarding opinions on Al-
induced smart branding perceptions. The sample was significant, consisting mainly of young,
digitally active people, with the majority of respondents grouped in the 18-25 (49.3%) and 26-35
(32.0%) age groups. Strong digital exposure also existed: 68.0% of all respondents reported
spending a day's worth of time on digital platforms, while 22.7% reported using a digital platform
several times per week. This made it easier to conduct the study, as regular digital device users
were more likely to receive ads from Al, personal suggestions, chatbots, and predictions in
marketing messages.

This table describes the demographic characteristics of the respondents.

Table 1. Demographic Profile of Respondents

Demographic Variable Category Frequency Percentage
Gender Male 68 45.3%
Female 82 54.7%
Age Group 18-25 years 74 49.3%
26-35 years 48 32.0%
36-45 years 20 13.3%
Above 45 years 8 5.4%
Education Level Intermediate 18 12.0%
Bachelor's degree 66 44.0%
Master's degree 54 36.0%
Other 12 8.0%
Frequency of Digital Platform Use Daily 102 68.0%
Several times a week 34 22.7%
Once a week 10 6.7%
Rarely 4 2.6%

Figure 1: Demographic Profile of Respondents
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Consumer Perception of Al-Enabled Smart Branding

The results showed that the respondents had a positive attitude towards 'Smart Branding' based on
Al. The mean value for the convenience-utility statement, Al-supported brand communication,
was found to be convenient and useful. This suggested that consumers were aware that Al tools
provided them with a sense of comfort in digital branding. Al-powered systems seemed to enhance
online brand engagement, making it quicker, simpler, and more relevant. Al-based brand
recommendations created an agency feel towards shopping: | have enjoyed my shopping
experience more after using them, with a mean score of 4.12 and a high level of agreement. The
worst line in this table, which scored 3.62 points, is “Al-based branding made my trust in digital
brands greater”. The score for interpretation was also high, though not as high as for the other
statements. This suggests that while consumers seem to be becoming more accepting of the value
of Al branding, their trust still needs significant work. The results revealed three priority areas
brands need to address to bridge their transparency and privacy exemptions and ensure clients'
confidence in the Al-powered energy brand: enhanced visibility, improved privacy and security,
and data ethics.

This table examines consumer perception of Al-enabled smart branding practices.

Table 2. Consumer Perception of Al-Enabled Smart Branding

Statement Mean Star?de_lrd Interpretation
Deviation
Al-based brand recommendations improved my shopping experience. 4.12 0.78 High
rP;]eersonallsed advertisements made brand messages more relevant to 3.94 0.86 High
Chatbots made brand communication faster and easier. 4.05 0.81 High
Al-based branding increased my trust in digital brands. 3.62 0.92 High
Al-supported brand communication felt convenient and useful. 4.18 0.74 High
Overall Consumer Perception 3.98 0.82 High

Figure 2: Consumer Perception of Al-Enabled Smart Branding

Consumer Perception of Al-Enabled Smart Branding
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All statements showed a High interpretation based on the reported mean values.

230



Smart Branding in the Age of Artificial Intelligence: Consumer Perception, Predictive Analytics, and Digital
Competitiveness

Predictive Analytics and Personalised Branding

It turned out that predictive analytics was a great contributor to personalised branding. The highest
mean was displayed for the item Brands used my online activity to make suggestions for me that
help me find what | like. This was an example of individuals becoming aware of the role their
online presence plays in shaping brand perceptions. The average scaled score for the question
Personalised increased my interest in digital brands was 4.02. This was found to be the case, as the
custom messages stood out and resonated with consumers. The mean score for the least satisfactory
answer on this table was 'Predictive analytics improved my online purchase decisions' with a mean
score of 3.77. While the score was high for interpretation, the lower rating suggested that
consumers do not always rely exclusively on Al predictions when buying. Predictive
recommendations were considered helpful; however, the consumer's final purchase decision was
influenced by personal judgement, price, product quality, reviews, and trust.

This table presents findings on predictive analytics and personalised branding.

Table 3. Predictive Analytics and Personalised Branding

Statement Mean Standard Deviation Interpretation
Brands used my online behaviour to provide relevant recommendations. 4.08 0.79 High
Predictive marketing messages matched my interests. 3.86 0.88 High
Al-based personalisation encouraged me to engage with brands. 391 0.83 High
Predictive analytics improved my online purchase decisions. 3.77 0.91 High
Personalised offers increased my interest in digital brands. 4.02 0.80 High
Overall Predictive Analytics 393 084 High

Figure 3: Predictive Analytics and Personalised Branding

Predictive Analytics and Personalized Branding
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Interpretation: All statements showed a High level.
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Digital Competitiveness of Al-Supported Brands

This showed that brands that used Al were deemed 'digitallycompetitive’. Regarding the
statements, the HAIB had the highest mean score for the statement 'Brands integrated with Al
appeared more innovative. This meant that consumers equated Al with a product's newness and
innovation. The average response was 4.16 to the statement, ‘Brands were helped to respond to
consumer needs earlier thanks to the intervention of Al. This indicated that they felt that Al better
enables them to be responsive to brands. Brands were able to communicate with customers faster
with automated messages, chatbots, recommendation platforms and real-time digital support. The
aggregated mean for Digital competitiveness was 4.11, indicating strong agreement. This study
found that artificial intelligence can positively affect e-commerce branding. It was easy to find Al-
powered brands, as they are quite innovative, responsive, and efficient.

This table examines the role of Al-supported branding in digital competitiveness.

Table 4. Digital Competitiveness of Al-Supported Brands

Statement Mean Standard Deviation Interpretation
Al helped brands respond faster to consumer needs. 4.16 0.76 High
Brands using Al appeared more innovative. 4.21 0.73 Very High
Al-supported brands provided better digital customer service. 3.96 0.84 High
Smart branding improved brand visibility in digital markets. 4.09 0.79 High

Al helped brands compete better in online markets. 4.13 0.77 High
Overall Digital Competitiveness 4.11 0.78 High

Figure 4: Digital Competitiveness of Al-Supported Brands
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Interpretation: Most statements showed a High level, while '‘Brands using AI appeared more
innovative'’ showed a Very High level.
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Consumer Trust and Privacy Concerns

The results indicated that consumers' privacy and transparency were extremely important. The
category with the highest mean score for me, my technology, my experiences, was on | felt
concerned when brands collected too much personal information, with the score being 4.31. This
discovery concluded that customers strongly agreed that they do not need their data collected
excessively. The average rating for the question "I appreciated brands that afforded me control
over my personal information™ was 4.28. This showed consumers' preference for some access to
their personal information. Consumers were more comfortable when brands offered them choice
and control over consent, data sharing, and privacy. The overall mean score for trust and privacy
concerns was 4.22, which indicated a very high level of concern and awareness. This signified that
privacy was no less of a concern when it came to branded Al. Consumers sought value-added
personalisation, but also expected transparency and security, along with an ethical approach to
data utilisation.

This table presents results on trust and privacy concerns in Al-enabled branding.

Table 5. Consumer Trust and Privacy Concerns in Al-Enabled Branding

Statement Mean Standard Deviation Interpretation
| trusted brands that clearly explained how they used my data. 4.24 0.71 Very High
| felt concerned when brands collected too much personal information. 4.31 0.69 Very High
Transparency increased my confidence in Al-based branding. 4.19 0.75 High
| preferred brands that allowed me to control my personal data. 4.28 0.70 Very High
Privacy concerns reduced my trust in Al-based brand messages. 4.06 0.82 High
Overall Trust and Privacy Concerns 4.22 0.73 Very High

Figure 5: Consumer Trust and Privacy Concerns in Al-Enabled Branding

Consumer Trust and Privacy Concerns in AI-Enabled Branding
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Interpretation: Most statements showed a Very High level, while transparency and
privacy concerns showed a High level.
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Correlation Analysis

A positive correlation was observed, with a value of 0.61 for consumer perception of predictive
analytics. That signified that positive attitudes towards predictive analytics translated to an overall
positive attitude towards Al-enabled smart branding. This was the highest correlation among the
relationships between predictive analytics and competitiveness in the digital age, with a value of
0.66. This indicates that predictive analytics has made an important contribution to digital
competitiveness. Brands that adopted data to anticipate customer needs were better equipped to
compete online. The other variables were highly positively related to trust and privacy. This
correlation was relatively high, with the moderation level set at R=0.52 for trust and privacy and
for trust and digital competitiveness.

This table presents the correlation among consumer perception, predictive analytics, digital
competitiveness, and trust/privacy concerns.

Table 6. Correlation Among Study Variables

Variables Consumer Predlct_lve Digital Competitiveness Trust and Privacy
Perception Analytics
Consumer Perception  1.00 0.61 0.58 0.46
Predictive Analytics  0.61 1.00 0.66 0.49
Digital Competitiveness 0.58 0.66 1.00 0.52
Trust and Privacy 0.46 0.49 0.52 1.00
Figure 6: Correlation Among Study Variables
Correlation Among Study Variables
1.0
Consumer
Perception
Predictive £
E Analytics :E
H] ]
'g L]
& Digital £
Competitiveness 3

Trust and
Privacy

Consumer Predictive Digital Trust and
Perception Analytics Competitiveness Privacy

Study Variables

Interpretation: All variables showed positive correlations, with the strongest relationship between Predictive Analytics and Digital Competitiveness {r = 0.66).
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Regression Analysis

The regression results further indicated that predictive analytics has the highest beta value of 0.41,
has an ideal significance level of 0.000, and is the most influential and important variable among
the other variables affecting the digital entrepreneurship assessment. This pointed to the high
contribution of predictive analytics to competitiveness in the Digital era. Brands leveraged Al to
meet consumer expectations, and content and digital experiences were more competitive in digital
markets. The Consumer perception had a positive impact, with a beta value of 0.29 and a
significance level of 0.001. In this way, it was concluded that positive consumer perception would
give a brand a competitive edge. The other factor that impacts the digital competitiveness was trust
and privacy concerns, with a beta value of 0.22 and a significance level of 0.006. This result
demonstrated that ethical data use, transparency and consumer control led to Digital
Competitiveness. The .54 R2 score showed that 54% of the variance in digital competitiveness
could be accounted for by consumer perception, predictive analytics, and trust and privacy
concerns.

This table presents regression results examining the influence of consumer perceptions, predictive
analytics, and trust/privacy concerns on digital competitiveness.

Table 7. Regression Analysis Predicting Digital Competitiveness

Predictor Variable Beta Value t-value Significance Level
Consumer Perception 0.29 3.42 0.001
Predictive Analytics 0.41 4.86 0.000

Trust and Privacy Concerns 0.22 2.78 0.006

R2 Value 0.54

Adjusted R2 Value 0.52

Figure 7: Regression Analysis Predicting Digital Competitiveness
Regression Analysis Predicting Digital Competitiveness
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Model Summary: R* = 0.54, Adjusted R? = 0.52. Predictive Analytics was the strongest predictor (B = 0.41, p = 0.000).
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DISCUSSION

The findings revealed that most consumers had a positive view of smart branding powered by Al.
Participants agreed that Al-driven communication, customisation, chatbots, and brand interactions
improved convenience, usefulness, and speed. This means that consumers accepted Al solutions
to make online experiences easier and reduce the effort required for searching, comparing, and
communicating with brands. The results corroborated previous research indicating that new
technologies impact customer experience and market opportunities through customer
understanding and service delivery (Hoyer et al., 2020; De Bruyn et al., 2020).

They also found that the predictive analytics aspect was important to the topic of personalised
branding. Consumers admitted that they used their online activity to get interesting offers and
offers customised for them. The most meaningful correlation was identified as that between
predictive analytics and data-driven branding: a positive impact. Using predictive analytics, brands
were able to gain deeper insight into the preferences of their customers, tailor their communication
strategies, and fine-tune their campaigns more effectively to suit customers' tastes and make more
timely decisions regarding change (Erevelles et al., 2016; Gupta et al., 2020; Kietzmann et al.,
2018).

One interesting upside of the study was that Al-powered brands were more innovative, responsive,
and digitally savvy. Consumers interpreted Al-enabled brands as modern and likened them to
competitors that could react quickly, make better recommendations, and offer better digital
services. This indicated that, to compete in the digital world, both the uptake of technology and
consumers' association with it were issues. The more relevant and useful consumers perceived
these Al solutions to be, the more likely they were to interact with the brand and to trust the brand's
digital interventions (Grewal et al., 2017; Grewal et al., 2020).

Personalisation and convenience, which were welcome, were countered by consumers' complaints
about "too much data collection and not knowing what data is being used. It highlighted the
personalisation-privacy dilemma for consumers, who seek personalised offers while also wanting
brands to protect their personal information. The results indicated that Al-based brands were
successful only when they revealed their data transparently, did not share it with their customers,
and respected privacy (Martin et al., 2017; Aguirre et al., 2015).

The regression results indicated that predictive analytics was the most important predictor of
digital competitiveness, followed by consumer perception and trust/privacy concerns. That Al-
enhanced prediction played a significant role in competitiveness, while consumer trust and ethical
data handling were critical. The findings raised concerns about risks associated with generative
Al, Al influencer users, disclosure, transparency, and algorithmic bias. Thus, brands had to
exercise caution in using Al, monitor their automated solutions, minimise bias, and make their
digital communications human-friendly (Akter et al., 2022; Kshetri et al., 2024; Sands et al., 2022;
Lowe et al., 2025).

The findings indicate that Al-powered smart branding presents opportunities and challenges,
including Al-enhanced personalisation, responsiveness, convenience, innovation, and digital
competitiveness. Meanwhile, consumers' expectations of trust and privacy protection,
transparency, and ethical data use were key to longer-term brand success. Based on the findings,
Al-powered branding was more effective when brands innovated by combining technological
efficiency with responsible data practices while designing their customer experience from a human
perspective.
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CONCLUSION

Through the IRP, the study showed that smart branding is important in changing consumer
perceptions, predictive analytics and digital competitiveness in the artificial intelligence era. Many
of the results were extremely favourable and included personalised recommendations, chatbots,
automated customer support, personalised advertisements, predictive Brand Communications,
among others. Al-driven branding made things easier, faster, more pertinent, and engaging.
Consumers enjoyed the contrast between clicks-to-reality experiences that saved time and were
informative and/or aligned with their interests.

Recommendations

Brands should use Artificial Intelligence responsibly and consciously. Brands must be very
transparent about how they collect, store, and use consumer information for targeted advertising,
recommendations, and digital services. Transparency boosted consumers' confidence and
alleviated their privacy concerns. Brands need to give consumers the choice as well regarding the
sharing of their data, the ads they see, and the option to personalise their experience. This helped
establish trust and foster better relationships with digital brands and consumers.

Future Direction

More research on the use of Al smart branding across industries such as fashion, banking,
education, healthcare, tourism, retail, and food services should be conducted. Consumer
perceptions can vary by product/service type. For instance, in the field of ecommerce, Al
recommendations might be more palatable to consumers. In contrast, in banking or healthcare,
consumers might be more sensitive about giving up information related to privacy matters.
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